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Research advance in pharmaceutical analysis based on
near—infrared hyperspectral imaging technique’

BAI Wen-ming, WANG Lai-bing, CHENG Ri—qing, BU Ren

( Inner Mongolia Medical University, Hohhot 010110, China )

Abstract: Hyperspectral imaging, as a new measuring method of spectrum, has obvious advantage over traditional
spectral measurement techniques. With this new technique, the spectral information and spatial information of
the tested samples can be obtained simultaneously, and data from measurement contains enormous information.
Therefore it can reflect the global property of samples more accurately than traditional methods. In combination with
the effective chemometrics method, hyperspectral imaging technique can be used for rapid and non—destructive
analysis of the tested samples and is useful for further study of the physical and chemical properties of samples.
Nowadays, it has been widely applied in biological, material and medical research fields. This paper introduces
the measuring principle and mode, data structure and data processing method of the near—infrared hyperspectral
imaging system. By presenting its application in the pharmaceutical analysis, the paper also reviews the range,
characteristics and recent development of hyperspectral imaging technique in the pharmaceutical analysis.
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